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Abstract: The knowledge graph exhibits a robust ability to represent relationships between entities, which has
attracted considerable attention from educational researchers in recent years. It has emerged as a focal point in the
application of artificial intelligence to education, demonstrating a range of practical applications. This paper
examines the role of the knowledge graph in advancing educational informatization, addressing topics such as
knowledge representation, reasoning, and their applications. Initially, the paper introduces the concept and
characteristics of the knowledge graph, highlighting its significance and potential uses in education. Subsequently,
it delves into the concept and methodologies of knowledge representation learning, offering a comprehensive
overview and analysis. The paper then explores related technologies in knowledge graph representation learning,
including reasoning methods based on translational distance, semantic matching, and neural networks. Finally, it
presents specific application cases of educational knowledge graphs in areas such as teaching support, personalized
learning, and intelligent educational assessment, and discusses future research directions and challenges. The
objective of this paper is to provide insights and references for research on knowledge graphs in the educational
domain, thereby fostering the development and innovation of educational informatization technologies.
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